Day 20 - 17 November - Principal Component Analysis
Agenda:
* Principal Component Analysis

+ Constrained Optimization
+ Applications of PCA
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Applicabions or  PCA
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Figure 12.6 lllustration of the effects of linear pre-processing applied to the Old Faithful data set. The plot on
the left shows the original data. The centre plot shows the result of standardizing the individual variables to zero
mean and unit variance. Also shown are the principal axes of this normalized data set, plotted over the range

fc/\:/z. The plot on the right shows the result of whitening of the data to give it zero mean and unit covariance.
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Figure 12.8 Visualization of the oil flow data set obtained - —
by projecting the data onto the first two prin-
cipal components. The red, blue, and green
points correspond to the ‘laminar, ‘homo-
geneous’, and ‘annular’ flow configurations
respectively.




