Day 11 - Ridge Regression
Agenda:

* Review - Bias Variance Tradeoff

* Ridge Regression

+ Analytical Formula for Solution to Ridge Regression
+ Background - Singular Value Decompositions

+ Ridge Regression and Bias Variance Tradeoff



Bias ~Variance Tredeof$

grror \/besé error
frao'm'nj ervor”

model
Camp,GX(&y

greor test error
{:ran'ninj error”

modél
COrnp,GX ' by

l\l’ﬁ‘lé{‘ Camp’exﬂy models
l\aVC' ./QO\M&I" bp’as Lut
hr 9'\@" Variance

If Co:vtplexnj is boo l'u‘glul
it ov6rfits olaba/ vaeriahce €EErm
Aominabes test Error

Test ervor Can décresse of
model complexity conbinves increasing,

A’M’ it con be lowgr than m
UhAGrparamgb&‘iZC—J fqyime

P’\C'hamehan: Aa vb lC/ OIC/SC(?Y\‘t



Ridge Regression
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Figure 1.4 Plots of polynomials having various orders M, shown as red curves, fitted to the data set shown in
Figure 1.2.
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Background in Linear Algebra - Singular Value Decomposition
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Ridge Regression and the Bias Variance Tradeoff
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